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Abstract

A set of Fourier-like basis functions is constructed for Legendre—Galerkin method for non-periodic boundary value problems
and a new space—time spectral method is proposed. A complete error analysis is carried out for a linear parabolic equation and
numerical results are presented for several typical linear and nonlinear equations.
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1. Introduction

Spectral method, in the context of numerical schemes, was introduced and popularized by Orszag’s pioneer work in
the early seventies. The term “spectral” was probably originated from the fact that the trigonometric functions {¢**}
are the eigenfunctions of the Laplace operator with periodic boundary conditions. This fact and the availability of Fast
Fourier Transform (FFT) are two main advantages of the Fourier spectral method. Thus, using Fourier series to solve
PDEs, with principal differential operator being the Laplace operator (or its power) with periodic boundary conditions,
results in very attractive numerical algorithms. However, for problems with rigid boundaries, the eigenfunctions of
Laplace operator (with non-periodic boundary conditions), although easily available in regular domains, are no longer
good candidates as basis functions due to the Gibbs phenomenon (cf. [6]). In such cases, it is well known that one
should use the eigenfunctions of the singular Sturm-Liouville operator, i.e., Jacobi polynomials with a suitable pair of
indexes, e.g., Legendre and Chebyshev polynomials. Although these orthogonal polynomials have been successfully
used for numerical approximation of PDEs (cf. [6,3,7,2]), there are still many situations where one wishes a set
of Fourier-like basis functions would be available for non-periodic problems. The first objective of this paper is
to construct such Fourier-like basis functions for elliptic boundary value problems. More precisely, we present an
efficient and stable algorithm to construct basis functions which are mutually orthogonal with respect to both the
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L?- and H'-inner products. In particular, this set of basis functions is very convenient in developing efficient space—
time spectral method which is the second topic of this paper.

Despite the fact that solutions of most time-dependent PDEs of current interest are much smoother in time than they
are in space (except perhaps at ¢ = 0 for parabolic-type equations), in most practical situations, high-order spectral
methods in space are coupled with a low-order finite difference scheme in time, creating a mismatch in accuracy,
and often resulting in a severe time step restriction which could be prohibitive for higher-order differential equations.
Hence, it is plausible, for certain type of time-dependent PDEs, to use a spectral method for both space and time. We
refer to [16] (see also [15,1] and the references therein) for an account on the rather limited activities in this area. It
appears that the analysis for such space—time spectral methods are all restricted to periodic (in space) problems. Hence,
the second objective of this paper is to present a new space—time spectral method based on a Legendre—Galerkin
method in space and a dual-Petrov—Galerkin formulation in time. We also demonstrate that the use of Fourier-like
basis functions in space may greatly simplify the implementation of the new space—time spectral method.

The rest of the paper is organized as follows. In the next section, we construct the Fourier-like basis functions.
In Section 3, we propose the space—time spectral method and derive an optimal error estimate for a simple model
problem. We present in Section 4 some illustrative numerical results. Some concluding remarks are given in the last
section.

We now introduce some notations. Let @ be a positive weight function in a bounded domain §2, and denote
by (u,v)0.0 = fquwd.Q the inner product of L(ZD(SZ) whose norm is denoted by | - [|2.». We use H)'(£2)
and Holy »(§2) to denote the usual weighted Sobolev spaces. For any Banach space X with norm || - ||, we define

L*((a,b); X) = {v: fab | v||§ dr < +o0}. In cases where no confusion would arise, w (if w = 1) and £2 may be dropped
from the notations. We denote by P, the space of all polynomials of degree < M, and by ¢ a generic positive constant
independent of any function and of any discretization parameters. We use the expression A < B to mean that A < ¢B.

2. Fourier-like basis functions for the Legendre—Galerkin method

Many physical problems are governed by PDEs of the form
ur=Lu+N(u,t), 2.1)

where £ and N\ are higher-order linear and lower-order nonlinear operators, respectively. Typical examples include the
Allen—Cahn, Burgers, Navier—Stokes, nonlinear Schrédinger, Cahn—Hilliard and Kuramoto—Sivashinsky equations. To
approximate such problems, high-order stable numerical schemes in space and time are desirable but are not easy to
construct due to the combinations of nonlinearities and stiffness.

A suitable semi-discretization in space of (2.1) leads to the following ODE system

Mii, = Lii + N(ii, 1), 2.2)

where u is an unknown vector consisting of either expansion coefficients (in terms of basis functions of the approxi-
mation space) of the approximate solution or the nodal values of the approximate solution, and M and L are the mass
and stiffness matrices, respectively.

In a recent work [10], Kassam and Trefethen compared and evaluated five high-order time-stepping methods,
i.e., implicit—explicit, split step, integrating factor, sliders and exponential time-differencing, coupled with spatial
discretizations using Fourier and Chebyshev collocation methods for problem (2.1) with periodic and non-periodic
boundary conditions. As pointed out in [10], having diagonal mass and stiffness matrices is crucial in the imple-
mentation and analysis of some time-stepping schemes. In particular, the sliders method (cf. [5]), in which different
schemes are used for “fast”, “medium” and “slow” modes, is designed essentially for periodic problems. However,
for non-periodic problems, the commonly-used basis functions in a spectral approximation lead to either a diagonal
mass matrix (as in the collocation method) or a diagonal stiffness matrix (as in the Legendre—Galerkin method [12])
but not both. Therefore, many of the high-order, efficient time stepping schemes cannot be directly designed, so it is
of interest to construct Fourier-like basis functions for spatial discretization of non-periodic problems.

To demonstrate the main idea, we consider the following one-dimensional problem

du —ad?u +Nu,t)=0, xel:=(-1,1), 1>0,
u(x,0) =uo(x), xel, (2.3)
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with the boundary conditions

aru(Xl, 1) +byuy(£1,1)=0, >0. 2.4)
To ensure the well-posedness, we assume that the constants a4 and b satisfy the following conditions

() ay > 0; (i) a®> +b> #0, a_b_ <0; (iii) a% + b3 #£0, arby >0. (2.5)

Hence, (2.4) includes in particular the Dirichlet (a+ = 1 and b4 = 0), the Neumann (a+ = 0 and b1 = 1), and the
mixed boundary conditions (a— =b; =0oray =b_ =0).
We define the approximation space as

VMz{vePM: aiv(il)—i—bivx(j:l):O}. (2.6)
The semi-discrete Legendre—Galerkin approximation of (2.3)—(2.4) is to
Find u,, (1) € Vj such that
{ Bty v) — @ (2u,,, v) + (N (up, 1), v) =0, Yve Vy, t>0.
It is shown in [13] that there exists a unique set {ax, by} such that
Yk(x) = Li(x) + ax Lg+1(x) + b Lk42(x) € Viq,
where L ;(x) is the Legendre polynomial of degree j. Hence,

Vi =span{yy: 0< k<M -2},

2.7)

Using the properties of Legendre polynomials, one verifies readily that under this basis (with a proper scaling), the
stiffness matrix S (with entries s;; = —(y]/.’, yi)) is an identity matrix, and the mass matrix M (with entries m;; =
(v}, vi)) is a symmetric positive definite penta-diagonal matrix.

2.1. Fourier-like basis functions

We are now in a position to construct a new basis which leads to diagonal stiffness and mass matrices. The idea
is to construct discrete eigenfunctions of the Laplace operator. Since the mass matrix M (associated with the basis
{yj}) is a symmetric positive definite penta-diagonal matrix, its eigenpairs (all are real) can be easily computed. Let
E = (eij)i, j=0,...,m—2 be the matrix formed by the orthonormal eigenvectors of M and A = diag(2;) be the diagonal
matrix with main diagonal being the corresponding eigenvalues, i.e.,

ME =EA, E'E=1y_1,

where I denotes the identity matrix of order M — 1. Since the matrix E is nonsingular, the linear combinations

M-=-2
Ge(x) =Y ejyj(x). 0<k<M-2, (2.8)
j=0

form a new basis of V), satisfying

M-2 M-2
(¢, Pi) = Z exieji(Vi, vj) = Z ejimjiey = (ETME)” = Aibil,
k,j=0 k,j=0
M=2 M=2
— () i) =— Z exeji(yy . vj) = Z ejidjrers = i, (2.9)
k,j=0 k,j=0

where §;; is the Kronecker symbol. In other words, the stiffness and mass matrices under this new basis {qbk},[(”: 62
both diagonal. An immediate consequence of (2.9) is that

(], di) = 2y (1, i)
which implies

—(¢] v) =2 (1, v), VveVy. (2.10)

are
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Hence, {¢} 2”: 62 are the (discrete) eigenfunctions of the Laplace operator in V), and can be referred to as Fourier-like
basis functions.

The construction of the Fourier-like basis functions only involves finding all the eigenpairs of a symmetric positive
definite penta-diagonal matrix (which, in the case of Dirichlet or Neumann boundary conditions, can be split up into
two tri-diagonal matrices). Hence, this process is very efficient and stable. Note that it is also possible to construct
such basis functions from a collocation approach by diagonalizing the derivative matrix, but such approach requires
finding all the eigenpairs of a nonsymmetric full matrix which is more expensive and prone to large round-off errors.

2.2. Properties and applications of Fourier-like basis functions

Let us first look at the matrix form of (2.7) under the Fourier-like basis. Setting
M—=2
up(x, )=y ij(¢;(x), W)= (o, i1, ..., iApm-2),
j=0
Fe(@@®) = (N @y, 1), 1),
and taking v = ¢ in (2.7), we arrive at a system of nonlinear ODE:s:

Mt (1) + adig () + fr (@) =0, 0<k<M—2. 2.11)

Note that this system is essentially the same as the Fourier approximation to (2.3) with a periodic boundary condition.
Among the many advantages of using Fourier-like basis functions are as follows.

e It provides a convenient separation of scales and would be very useful in developing multi-level spectral methods
(cf. [4]). This separation also makes it possible to use the s/iders time-stepping method (cf. [5,10]) for non-periodic
problems.

e The exact solution of (2.11) can be formally expressed as

t
i1k (1) = exp(—ar; )ik (0) — f exp (—ar; ' (t —9)) fi(fi(s)) ds. (2.12)
0

Since the principle linear operator can be integrated exactly as above, there is a wide variety of efficient and
accurate ways to approximate the last integral in (2.12). In particular, the construction of high-order schemes
for (2.3) (cf. formulas (1.3), (1.8) and (2.1)—(2.3) in [10]) becomes as efficient as the Fourier case.

e Multidimensional problems can be handled similarly using tensor product. For instance, one can build a more
efficient elliptic solver using the Fourier-like basis functions. As an illustrative example, we consider the two-
dimensional Poisson-type equation

ou—Au=f inl x 1, 2.13)
with the boundary conditions
aru(£l,y) +bru(£l,y) =0, cxu(x, £1) +diuy(x, £1) =0, 2.14)

where the pairs (a4, b+) and (c+, d+) satisfy (2.4). Let {¢x (x), Ax} and {1 (y), ui} be the discrete eigenfunctions
and eigenvalues constructed above with the boundary conditions (2.14) in the x and y directions, respectively. Let
us denote L = (M, N) and define

Vi = span{g ()Y (»): 0< k<M —2; 0<j <N -2} (2.15)
Then, the Legendre—Galerkin method for (2.13) is to

{ Find u; € Vi, such that

au, ,v)— (Au,,v)=(f,v),, YveVg, (2.16)
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where (-,-);, are the discrete inner product based on the Gauss—Lobatto quadrature in £2 = I x I. Setting

M-2 N-2

up (e, ) =Y Y a0V, fii = o)),

k=0 j=0

It is easy to verify that the solution of (2.16) is given by:

iigj = (o + 0+ 20~ fig.- 2.17)
Hence, this algorithm is even more efficient than that presented in [12] which was based on the basis functions
@)y (M}

e As we shall show in the forthcoming section, it leads to a robust spectral algorithm in space—time.

Remark 2.1. The procedure can be easily extended to Legendre—Galerkin (respectively dual-Petrov—Legendre—
Galerkin [14]) method for one-dimensional fourth-order (respectively third-order) problems. More precisely, a set
of Fourier-like basis functions leading to a diagonal “stiffness” matrix for the leading forth-order (respectively third-
order) operator and a diagonal mass matrix can be constructed in the same fashion. However, how to design an efficient
and stable process for diagonalizing the Stokes operator is still a challenging problem.

3. Space-time Legendre spectral method

In this section, we propose a new space—time spectral method based on Legendre—Galerkin method using Fourier-
like bases in space and a dual-Petrov-Legendre—Galerkin formulation in time. We also describe its numerical imple-
mentation and carry out an error analysis for a model linear parabolic equation.

For simplicity of presentation, we consider once again (2.3), and shift the time interval to I; = (—1, 1):

O u —aafu +Nu,t)=0, (x,t)eR:=1, x 1,

u(+l,1)=0, rel,

u(x, =) =up(x), xel, 3.1)
where I, = (—1, 1) and f, ug are given functions with uo(£1) = 0. Without loss of generality, we assume that ug =0,
since inhomogeneous data can be handled easily by considering v = u — ug.

Among the limited discussions on spectral method in time, Tal-Ezer [15] proposed a pseudo-spectral scheme in
time for linear periodic parabolic equations. In [16], a space—time spectral scheme with a Legendre—tau method in

time and Fourier method in space was introduced and analyzed for linear periodic problems.
For the Legendre—Galerkin method in space, we introduce the approximation space

Vi = {u € Py u(£1) =0}. (3.2)

Since (3.1) is a first-order equation in time, it is natural to use a dual-Petrov—Legendre—Galerkin method (cf. [14]).
For this purpose, we define a pair of “dual” approximation spaces (in time):

Sy={uePy:u(-1)=0},  Sy={uePy:ul)=0}. (3.3)
Then, the new space—time spectral approximation of (3.1) is to

{Find ur :=upyn € Vy ® Sy such that

34
@y, V) +a(@ur, v)e + N@ur, 1), v)e =0, YveVy®Sy. 34

From the fact that for all ¢ € Sy, we have %d) € S%, we find that the scheme (3.4) is equivalent to the following
weighted Galerkin formulation:

{Find ur € Vyr ® Sy such that
(Orur, ¢)Q,w1«—' +a(Oxu, , 8X¢)Q,w'~_] + N (ug,t), ¢)Q,w|,—| =0, V¢eVy® Sy,

where %2 (1) = (1 — 1)%(1 4 1)? is the Jacobi weight function.

3.5)
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3.1. Implementation issues

We next discuss the numerical implementation of (3.4). We use the Fourier-like basis functions {¢y} ,/c": 62 (cf. (2.8))
for V) (in space). As for Sy and S}, (in time), we set

Vi) =L;j@)+Ljw1(®),  Y0) = Le(t) — L1 (). (3.6)
Since Lj(£1) = (£1)/, it is clear that {y j}jy;()l (respectively {w,f},]y:])l) forms a basis for Sy (respectively Sy,). One
verifies readily that

W) =285 bij =y, ¥)) =0, ifli—jl>1 (3.7)
Setting B= (bij)i,j:() N—1 and

.....

M-2 N—1
up (e, )= Y djdk Vi@, dijx=Nur, 0, g 0)v;0),
k=0 j=0
w = (o ks U1 ks - UN—2.5), 0 = (0 k> Al ks - - AN-24) (3.8)

the scheme (3.4) becomes
Crdy—1+aBug+n, =0, k=0,1,...,M—2. (3.9

If N'(u, t) is nonlinear in u (as in most practical situations), (3.9) is a coupled nonlinear system of size (M — 1) N and
should be solved by using a suitable Newton-type iterative scheme such as the preconditioned Jacobian-free Newton—
Krylov method (see [11] for a review on this subject). How to design an effective iterative approach capable of solving
a large nonlinear systems resulted from the space—time spectral method is a very challenging task. Below are some of
the strategies which could be used to improve the overall performance of the space—time spectral method.

e For many nonlinear equations, a suitable linear equation could be used as an effective preconditioner in the
Jacobian-free Newton—Krylov method. For example, if we set N (u, t) = Bu — f(x,t), then (3.9) is reduced to a
sequence of tridiagonal systems:

(rdy + (B +ar)B)ug =1, k=0,1,....M -2,
with
fix=(f, ok ()Y (D)), . £ = (fos fiks s fu—oi)'

This sequence of systems can be solved very efficiently, so it can be used as a preconditioner in the Jacobian-free
Newton—Krylov method.

e The effectiveness of the Newton-type iteration relies heavily on obtaining a good initial guess. One can use, for
example, a simple low-order numerical scheme to generate such an initial guess.

e One can also use the space—time spectral method as a post-processing scheme to obtain a highly accurate solution
if needed.

e For large nonlinear problems, the space—time Legendre-spectral method should be implemented as a time march-
ing scheme, i.e., we partition the time interval [0, T] into K non-overlapping subintervals and apply the space—
time spectral method on each subinterval sequentially with a relatively small N to reduce the computational
complexity. The resulting algorithm is unconditionally stable and spectrally accurate in space and time (see Ex-
ample 2 of the numerical results).

3.2. Error estimates

Since the full error analysis for the nonlinear system is beyond the scope of this paper, we shall only consider the
analysis for a special case N (u, 1) = Bu — f where f is a given function. In this case, (3.4) becomes
Brur,v)e +a@ur, :v)e +Bur,v)e=(fv)e, YveVy®Sy. (3.10)

Let us first derive an a priori estimate on the approximate solution uy .
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Lemma3.1. Ifa > 0, > 0 and f € L2, ,(I;; L*(Iy)), then the solution of (3.10) satisfies

lurllg wo2 + Valldeurlg o1+ vVBIuLl g w1 S 11f g w20- (G.11)

Proof. Taking v = %ﬁu ., in (3.10), we derive the desired result by using the Cauchy—Schwartz inequality and the
following identity:

1
Qpur,uL) g pl-1 = Ef(alui)wl’_l(t)dtdx=/u%w0’_2(t)dtdx. O (3.12)
2 2

In the error analysis, we compare the numerical solution with a suitable orthogonal projection of the exact solution.
The relevant orthogonal projection in space 1{,}0 : H(; (1) — V) is defined by

(v —v).¢), =0, VgeVy. (3.13)
Lemma 3.2. Let x%(x) := (1 —x®)® Ifv e HO1 (Iy) and afv € Li,{,l (Iy) with 1 < k < r, then we have

(0 — v
” X M

|, SM* " ofv], 0. w<r =01 (3.14)

This estimate can be found, for instance, in [3], with an improvement of the weighted semi-norm in the upper
bound given by [9].
We now introduce the orthogonal projection in time PI(\),’f1 :Lz)oﬁ1 (I;) — Sy, defined by

(Py v —v, $); 01 =0, Vo€ Sy. (3.15)
Defining

H'(1) o= {ur ue H' ()N L2, (1)},
one observes that for any v € H! (I;) and ¥ € S5,

@ (Py v =), ), ==(Py v —v,0"'9¥), o =0, (3.16)

which follows from the fact wo’lattﬁ € Sy and the definition (3.15). As a special case of Theorem 1.1 in [8], we have
the following approximation result.

Lemma3.3.Ifve L2, (I) and 9fve L2, (I;) for | <k <s, then

|8l (Py " v —v) SN o], ppamrs 1<5, 1=0,1. (3.17)

” I, ol=1 ~>

For notational convenience, we denote by A" (§2) (respectively B*(§2)) a function space consisting of measurable
functions satisfying ||u|| or(2) < 400 (respectively |lu|| ps(2) < +00), where for integers » > 2 and s > 0,

—1.2 —1 2 2 i
lillar ) = (|32 1”“L12.0<11:L§_2<1x>> + o I”HLio,q(b;Lir,zaA-)) el iz, an)™

2 2 3
hellssor = (17 0eull e iz + 10722 snzan)*

With the aid of the previous lemmas, we are able to prove the following convergence result.

Theorem 3.1. Let @ > 0 and B > 0, and let u, uy, be respectively the solutions of (3.1) (with Nu,t)=Bu— f)
and (3.10). If w € L2, _, (I;; Hy (1)) N H' (It; L*(1,)) NV A" (2) N B (82) with integers r > 2 and s > 0, then we have

lu —u, g oo-1 + || 0x(u —ur) L SN ullpse) + M ullar ). (3.18)
2,0
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Proof. Let us denote i) = P 10 = n,{,IOPI(\), u and ey =iy —uy. Using (3.1) with N'(u,t) = Bu— f

and (3.10) leads to
a(er,v) = (deL,v)2 +a(drer, dxv)e + BleL, Vo
= (@ —u),v) o +a(0x (L —u), 0xv), + Bl —u,v)g,
for all v € Vyy ® Sj,. Thanks to (3.13) and (3.16), the above equation can be simplified to
aler,v) = (BI(JTI{,IOIA ), v)Q —i—oz(i)x(P](\),’*]u — u), axv)g + Bl —u,v)go.

Taking v =
derive that

1 I Lep (€ Vy ® S% ) in the above equation and following the same lines as in the proof of Lemma 3.1, we

leLll g w02 + ValdreLllg o1 +v/BleLllg -1
S oGy u =) | g oo + [0 (P =) | g s + i = ull g 1.1 (3.19)
The three terms at the right-hand side can be bounded by using Lemmas 3.2 and 3.3 as follows:

[ Gy’

||3X(P1(\)1’_1”—”)||9w171~N [0 0 ”HL2 oot U L2(1))’

u=)lg 20 SMTNO ul 12, gr2 Ly

lir —ulgo1 S [Py (oau =) g o + 1PV T =] g o
S lru =l g o + 1PN u = 1] g o

<M1 r”ar IMHLZO VU Lzr L, (1) +N ||8 ““LZH LU LAY

A combination of the above and (3.19) leads to
lerllg w02 + Vealldxerllg o1t S N llullgs 2y + M lullar ).

On the other hand, we have u — u; =u — u, + ey . Hence, using Lemmas 3.2 and 3.3 again yields
Joxu —iin) ] g 1 < [0a7my (Py ™ w =) | gy + [0 (4w =) | 1o

S || 0 (Py =) g gt + [0y = u)llg,wn—l

N0y o] 2 + M 0gul] 2,

Css—1Un L2(1y)) UL = 1 (1)’

e — izl o1 S | PB Wy =) g oo + 1PN = u] g o

SMT o ]2 + N7 ou]] 2

mo‘,l(IﬁLir,z(Ix)) so1 U L2

Consequently, the desired result follows from the above estimates and the triangle inequality. O
Remark 3.1. We note that the above analysis is not restricted to the PDEs with the principal (spatial) operator being

even-order elliptic operators. In fact, the same approach works when the principal (spatial) operator is odd-order (like
in the KDV equation) with suitable boundary conditions (cf. [14]).

4. Numerical results

In this section, we present some numerical results obtained by the proposed space—time spectral method. Three
examples: a linear problem (3.1) (with N'(u,t) = Bu — f), a system of nonlinear ODEs and a nonlinear PDE, are
considered below.
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—e— Max-FError E —@- Max—error
—— L*~Error = L2-error

log N O(Elmrs)
log, (Errors)

L " " " " L B : A A
4 6 8 10 12 14 16 18 6 18 20 2

24 26 28 30 a2
N (M=32) M=N

Fig. 1. Left: errors vs. N with M = 32; Right: errors vs. N with M = N.

Example 1. We consider Eq. (3.1) with A'(u, t) = Bu — f, « = 8 = 1, and the following exact solution
u(x,t) =sin(t(1 —x*)m), (x,1) e (=1, D%

To examine the error of time discretization, we fix M = 32 so that the spatial errors are negligible. In Fig. 1 (left),
we plot the maximum point-wise errors and discrete L>-errors in semi-log scale against various N < 18. The figure
clearly indicates that the error decays like O(e~"). We note in particular that very high accuracy is achieved with
quite small N for this smooth problem.

In Fig. 1 (right), we plot the errors vs. M = N which also indicates an exponential convergence of order O(e V).

Example 2. We consider the following Hamiltonian system

Yo amp, Yy HGp.g), w<t<T

-V = ) bl - = 3 ) < X )

dr q 1 (P, q dr p(p,q 0

p(to) = po, q(to) = qo, 4.1)
with the Hamiltonian

H(p.q) =aiq” + axg* — a3 p?, (4.2)
and the exact solution

H(p,q) = Ho:=H(po,q0), t=1o. (4.3)

For an efficient implementation, we partition the time interval [#y, T'] into equidistant subintervals of length 2 by
setting K = [(T — t9)/2], tx = to + 2k, Iy = (tx, ty+1) for 0 <k < K — 1. Let (ﬁk+l(t), Qk"’l(t)) be the numerical
solution on the subinterval I, which can be solved via the following system in /; with the initial data ( PR, GF (1))
(note: (p°(19), ¢°(0)) = (p(10), ¢ (£0))):

Find (51 (1) — p* (). 4" (1) — §* (1)) € (Sn. S) such that
@ P v = @pHPM D vy, Yve sy, 4.4)
@4" " wyp = =@ HE G, wyy, Yw e Sy,
sequentially for 0 < k < K — 1. We then set the approximation solution as
(p(), ‘?(f))heik =(p*®),¢" 1), 0<k<K -1
In the following computations, we take a; = 1/2, ap = —2/3 and a3 = 1/2 in (4.2), and suppose that the initial
data is sitting on the curve
p(to) =2acos(2ty), q(to) =asinty), a=1/4, 1€[0,m). (4.5)

To solve the nonlinear system resulted from (4.4), we used a standard Newton iterative method with initial guesses
computed by the Mat 1ab function ode23. For a given absolute error tolerance € = 107, only two or three iterations
were needed for the following numerical tests.
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Fig. 3. Left: u, (solid line) vs. numerical solution (star-marker) with © = 0.02, N = 16, M = 100; Right: profiles of u, (solid line) and the numerical
solution (star-marker) at t =0, 0.569, 0.995.

In Fig. 2 (left), we plot the maximum point-wise errors between H (p, ¢) and Hy (with ty = 0 and t = 1000) against
various N (number of points in each subinterval I;), which indicates that spectral accuracy is preserved even for very
large T'.

In Fig. 2 (right), we plot in the phase plane the numerical solution (p, g) (¢ € [f9, to + 1000]) obtained by the
time marching scheme (4.4)—(4.5) with various initial data (i.e., different #y € [0, 7)), and with N = 16 points in each
subinterval. Note that given # € [0, 7r), the graph of the exact solution (4.3) (# > fp) in the phase plane is a periodic
orbit, and any two periodic orbits are disconnected. Thanks to the high accuracy of our scheme, the Hamiltonian
Hy is well preserved as indicated by the fact that for any given initial data, (p, §) stays on the same orbit for all
t € [t, to + 1000].

Example 3. In the last example, we examine the performance of our space-time spectral method for the Burgers
equation

8tu—uafu+u8xu=0, xe(-11), te(,T], wn>0, (4.6)
with the initial and boundary conditions
u(xl,1)=0, rel0,T], u(x,0) = —sin(rx), xel[-1,1]. 4.7)

We note that for small value of viscosity p, this problem will develop a thin internal layer which requires, in the
absence of an adaptive strategy, a large number of spatial modes. We solve this nonlinear problem with our space—
time spectral scheme coupled with a Newton iteration. Here, we take u = 0.02, N = 16 (mode in time), M = 100
(mode in space) and T = 1. For a comparison, we compute the “exact” solution u,(x, ) by using Crank—Nicolson
in time and Legendre spectral method in space on very fine mesh with time step 10~ and space mode 256. The
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numerical solution (star-marker) against u, (solid line) and their profiles at t = 0, 0.569, 0.995, are depicted in Fig. 3.
It is clear that our scheme with a small N has produced a very accurate numerical result for this nonlinear PDE.

5. Concluding remarks

We presented in this paper a set of Fourier-like basis functions for the Legendre—Galerkin method and a new
space—time spectral method.

The Fourier-like basis functions are discrete eigenfunctions of the Laplace operator and lead to diagonal mass and
stiffness matrices. Hence, they behave essentially like Fourier series and are very convenient and efficient to use.

Our space—time spectral method is based on a dual-Petrov—Legendre—Galerkin method in time which has proved to
be the natural formulation for first-order operators. We presented an optimal error analysis for model linear problems
and elaborated on efficient implementations of our algorithm for nonlinear problems. As demonstrated by our numer-
ical examples, the algorithm, being unconditionally stable and spectral accurate, can be used to solve, very accurately,
nonlinear systems when combined with a suitable Newton—Krylov type iterative scheme.

It should be noted that the space—time spectral method is not meant as an replacement of the traditional time
integration methods such as Runge—Kutta methods, rather, it is an alternative approach which could be very effective
for certain problems where very high accuracy is needed over a long time interval. In a future work, we plan to
investigate how to design robust and efficient iterative approaches capable of solving considerably large nonlinear
systems using the space—time spectral method.
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